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Where are we in the workflow?
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Create custom gmt file from GO (R script)

HIHHHEHHHEHHA# hsapiens
library(biomaRt)

### get annotations
mart=useMart(biomart="ensembl",dataset="hsapiens_gene_ensembl")

go_annotation <-
getBM(attributes=c("hgnc_symbol","ensembl_gene_id","ensembl_transcript_id","go_id", " name_1006","namespace_1003","go_linkage_type"),filters=1list(biotype='protein_coding'),mart=mart);

go_annotation_bp <- go_annotation[which(go_annotation$namespace_1003=="biological_process"),]
head(go_annotation_bp)

##create gmt
go_pathway_sets <- aggregate(go_annotation_bp[1],by=1ist(go_annotation_bp$go_id), FUN=function(x){list(unique(x))})

m = match( go_pathway_sets[,1], go_annotation_bp$go_id)
go_pathway_names <- go_annotation_bp$name_1006 [m]

### write the gmt

fname = "gobp.gmt"
object = go_pathway_sets[,2]
for (e in 1: length(object) ){

write.table( t(c(go_pathway_sets[e,1], go_pathway_names[e],object[[e]l])),sep="\t",quote=FALSE, file=fname,append=TRUE, col.names=FALSE, row.names=FALSE)
}

HIHHHEHHHE##H horse
library(biomaRt)

### get annotations
mart=useMart(biomart="ensembl",dataset="ecaballus_gene_ensembl")

go_annotation <-
getBM(attributes=c("uniprot_gn","ensembl_gene_id","ensembl_transcript_id","go_id","name_1006","namespace_1003","go_linkage_type"),filters=1list(biotype='protein_coding'),mart=mart);

go_annotation_bp <- go_annotation[which(go_annotation$namespace_1003=="biological_process"),]
head(go_annotation_bp)

##create gmt
go_pathway_sets <- aggregate(go_annotation_bp[1],by=1ist(go_annotation_bp$go_id),FUN=function(x){list(unique(x))})

m = match( go_pathway_sets[,1], go_annotation_bp$go_id)
go_pathway_names <- go_annotation_bp$name_1006 [m]

### write the gmt

fname = "gobp_horse.gmt"

object = go_pathway_sets[,2]

for (e in 1: length(object) ){

write.table( t(c(go_pathway_sets[e,1], go_pathway_names[e],object[[e]l])),sep="\t",quote=FALSE, file=fname,append=TRUE, col.names=FALSE, row.names=FALSE)
¥

https://www.dropbox.com/s/wm3kg4lsdlfwcoqg/creategmt.R?dI=0




GWAS -- > MAGENTA
https://software.broadinstitute.org/
mpg/magenta/

The only input required is a table with variant association p-values and their chromosome
positions taken from a genome-wide association study or meta-analysis. Optional: pathway/s or
gene set/s of interest. Otherwise, we provide a set of pathways from public databases (see below).

The main output of MAGENTA is a nominal gene set enrichment analysis (GSEA) p-value and
a false discovery rate for each gene set or pathway tested. There are several options, including
running MAGENTA in the absence of a subset of genes, such as a predefined set of disease or
trait genes. Additional information is provided, such as the expected and observed number of
genes above the enrichment cutoff, and the number and name of genes in each tested gene set
that lie near validated disease or trait SNPs if inputed by the user.



https://software.broadinstitute.org/mpg/magenta/

Mirs, pathways and targets
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http://www.lirmed.com/tam2/

ATACseq / CHIPseq

« EnrichR and g:Profiler accept bed files as input
 GREAT (Standford) is also a recommended tool
« HOMER: to look for enrichment factors in transcription factors

Overview News Use GREAT Demo Video HowtoCite Help Forum

GRE

GREAT version 4.0.4  current (08/19/2019 to now) v

GREAT predicts functions of cis-regulatory regions.

Many coding genes are well annotated with their biological functions. Non-coding regions typically lack such annotation. GREAT assigns
biological meaning to a set of non-coding genomic regions by analyzing the annotations of the nearby genes. Thus, it is particularly useful in
studying cis functions of sets of non-coding genomic regions. Cis-regulatory regions can be identified via both experimental methods (e.g.
ChlP-seq) and by computational methods (e.g. comparative genomics). For more see our Nature Biotech Paper.

News

Aug. 19, 2019: GREAT version 4 adds support for human hg38 assembly and updates ontology datasets for all supported
assemblies.

Sep. 8, 2018: GREAT has served over 1 million job submissions.

Oct. 23, 2017: GREAT is moved to a VM to eliminate proxy errors.

June 22, 2017: GREAT hardware upgrade to meet increasing submission volume.

Nov. 16, 2015: The GREAT user help forums are frozen.

Feb. 15, 2015: GREAT version 3 switches to Ensembl genes, adds support for zebrafish danRer7 and mouse mm10 assemblies, and
adds new ontologies.

Apr. 3, 2012: GREAT version 2 adds new annotations to human and mouse ontologies and visualization tools for data exploration.

Feb. 18, 2012: The GREAT user help forums are opened.

May 2, 2010: GREAT version 1 is launched, concurrent to Nature Biotechnology publication (reprint, Faculty of 1000 "Must Read"). How
to Cite GREAT?

More news items...
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The Cytoscape App Store

http://apps.cytoscape.org
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